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ABSTRACT
In recent years, organic food production has been rising dramatically both in the EU and the USA. Previous research on consumer perception
of organic food has mainly employed questionnaire survey methods. However, in the current age of the social network phenomenon,
social media could prove to be a rich source of data. Increasingly, consumers are using social networks to share personal attitudes and
experiences. This shared content could inform us about consumer opinions. Social network analysis and related sentiment analysis could
allow identification of consumers’ experience and feelings about organic food. We investigated the perception of organic food using
1,325,435 Instagram interactions by 313,883 users worldwide. The data were recorded between July 4, 2016, and April 19, 2017. We
identified three major hashtag areas (healthy, vegan, and clean food). The sentiment analysis revealed three dominant areas related to
the #organicfood hashtag (feelings, taste, and appearance). Cluster analysis extracted four areas, as follows: Healthy living, Vegetarian,
vegan, and raw diets, Clean eating, and Active healthy living. The mentioned communities are significant and useful at identification of
customers values for farmers organic food product management and marketing communication in terms of product positioning.
Keywords: Organic food; Instagram; Social network analysis; Sentiment analysis

INTRODUCTION
Previous European studies of the food market and
agricultural production have opened the broad discussion
of food consumption and food quality (Turcinkova and
Stavkova, 2009). By definition, agricultural production is the
production of food, and is essential for ensuring the basic
physical needs of mankind (Vosta, 2014). Development of
the food market depends on consumer trust in production
quality. Consumers form perceptions about food quality
not only through objective product characteristics, but also
through a combination of aspects related to personal needs,
such as food safety, environmental impact, supporting local
and rural communities, and other ethical aspects (Migliore
et al., 2015).
Organic agriculture tends to be seen as one of the aspects
above, since it is defined as an alternative that may benefit
people and the environment, thus allowing long-term
sustainability (Guayasamin et al., 2016). Organic agriculture
does not allow the use of substances that endanger
human health and the environment. To be considered
organic, a product must be produced in an environment

where agro-ecological principles are used as the basis
of the production process, which includes responsible
use of soil, water, air, and other natural resources, while
respecting social and cultural relations (Guayasamin et al.,
2016). Organic food represents food grown, stored, and/
or processed without the use of synthetically produced
chemicals or fertilizers, herbicides, pesticides, fungicides,
growth hormones and regulators, or genetic modifications
to achieve a sustainable agricultural system (Basha et al.,
2015; Jones et al., 2001). Many studies show that, on
average, organic food contains a higher concentration of
antioxidants (Barański et al., 2014), higher levels of vitamin
C (Worthington, 2001), and higher levels of phenolic
compounds (Chassy et al., 2006), and there are higher levels
of omega-3 fatty acids and conjugated α-linolenic acid in
milk from ecologically reared animals (Butler et al., 2008).
At the same time, there are lower pesticide residuals and
concentrations of cadmium than in conventional food
(Barański et al., 2014).

Consumers have demonstrated a growing tendency to seek
high-quality food (Tian and Yu, 2013) and an increasing
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inclination towards organic food (Magkos, Arvaniti, and
Zampelas, 2006) through alternative food channels, such
as farmers’ markets (Pokorna et al., 2015). Mostly, they
purchase fresh produce such as fruit, vegetables, flowers, and
live seafood. Perishable goods such as these need to reach
consumers in the shortest possible time (Su et al., 2014).
Meanwhile, farmers are able to address the increasing demand
for organic food (Yu et al., 2014). According to the Organic
Trade Association (2015), 83% of American families buy
organic products at least occasionally. Organic product sales
reached a total of $43.3 billion in 2015, 11% more than the
record level of the previous year. Such expansion significantly
surpasses the overall food market growth of 3%. Bio-food
production in the EU is growing even faster (Sahota, 2012).
At present, the EU is responsible for more than half of
the global revenues in bio-food production and is the main
destination of bio-food from Asia (Francis, 2012). In 2012,
ecological crops were grown on 11.2 million hectares on
the European continent, amounting to 2.2% of the used
farmland. The value of the European bio-food market has
been estimated at €22.8 billion. Sales in the EU constituted
€20.9 billion of that amount. The value of the European biofood market doubled between 2004 and 2012 (Bryla, 2015).
Studies have identified the following factors as consumers’
motivations to buy organic food: the subjective norm
(Chen, 2007; Zagata, 2012), the health attribute (De
Magistris and Gracia, 2008; Haghiri, Hobbs, and
McNamara, 2009; Lee and Yun, 2015; Yadav and Pathak,
2015), the ecological aspect (Lee and Yun, 2015; Teng
and Lu, 2016), animal rights (Honkanen, Verplanken, and
Olsen, 2006; Ueasangkomsate and Santiteeraku, 2016),
food safety concerns, ethical self-identity (Michaelidou and
Hassan, 2008), lifestyle (Basha et al., 2015), and local origin
(Ueasangkomsate and Santiteeraku, 2016).
Motivation for purchasing organic food can be divided into
two main categories, altruistic and egoistic (Padilla Bravo
et al., 2013; Yadav, 2016; Kareklas, Carson, and Muehlingl,
2014). Altruistic motivations include environmental
protection, animal welfare, and rural and local development
(Vega-Zamora et al., 2013). Egoistic motivations include
the view that bio-food is healthier and achieves more
nutritional values (Grankvist and Biel, 2001). Researchers
have produced conflicting results about the best predictor
of bio-food purchases. Magnussona et al. (2003) consider
egoistic motivations as the main factors that influence
consumers’ attitude and purchase behavior. On the other
hand, Bravo et al. (2013) regard altruistic motivations to
be better predictors of purchase behavior.
Social network analysis and food consumption

Social networks have gradually become a part of everyday
life (Wu and Wang, 2016). Between 2016 and 2017, more
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than 300,000 Instagram users posted over 1,500,000
interactions concerning organic food. Analysis of social
media allows the collection of data that cannot be
obtained by other standard methods, such as interviews or
questionnaire surveys. These data, created by hundreds of
thousands of global users, could help us better understand
global trends and the social, cultural, and environmental
issues regarding organic food using advanced social
network analysis tools.
Food represents an indispensable part of every person’s
life. It projects into our way of life, culture, and welfare.
This gives rise to important interest in public health (Babar,
Mejova, and Weber, 2015). The influence of social networks
on young adult health has already been acknowledged
(Valerlaus et al., 2015), and social network analysis helps
us to understand social, cultural, and environmental issues
of people’s activities in the examined area (Hu et al., 2014).
For example, Abbar, Mejova, and Weber (2015) used
such data to predict national obesity levels, Capurro et al.
(2014) to predict diabetes levels, and Valerlaus et al. (2015)
to identify the demand for more food choices by young
adults. However, more studies are required to provide
fuller information about the population’s health (Capurro
et al., 2014).
Instagram was the chosen social network for the present
study this research. Instagram is the fastest growing social
platform (Harris, 2016; Wagner, 2015), and users spend
more time on Instagram than on other social sites (Duggan,
2015). Official statistics claim that Instagram has 700 million
active users, and, of those, about 300 million users sign in
every day. Users upload 95 million photos every day, and
Instagram’s total stock of photos amounts to 40 billion
(Omnicore, 2017). In 2011, Instagram introduced the
possibility to insert hashtags (Baranovic, 2013). Hashtag
represents a keyword preceded by the “#” symbol, for
example, #organic. Originally, the hashtag served as a tool
for organizing knowledge and facilitating topic searches
(Small, 2011). The function of the hashtag has expanded
through time, and now has a meta-communicative use
(Giannoulakis and Tsapatsoulis, 2016). Daer, Hoffman, and
Goodman (2014) defined the meta-communicative function
of hashtags as follows: (1) emphasizing: to give emphasis
or to catch attention; (2) critiquing: to express a verdict or a
user’s conclusion; (3) identifying: to identify a post’s author;
(4) iteration: to express the cause of certain humor.
The area of agriculture has seen many social network
analyses in the field of technology adoption (Maertens and
Barrett, 2013; Matuschke and Qaim, 2009), risk sharing
(Fafchamps and Lund, 2003), and diversification (Johny,
Wichmann, and Swallow, 2017). However, an analysis of
the Instagram network, in terms of organic food focusing
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on hashtag analysis connected to sentiment analysis and
community analysis, has not yet been performed.
Sentiment analysis

Sentiment analysis involves processing natural language
to monitor public dispositions in terms of a product
or topic (Vinodhini and Chandrasekaran, 2012). It uses
written language to assess opinions, sentiments, evaluations,
attitudes, and emotions (Liu, 2012). It represents a suitable
tool to assess the relationship between food and emotions,
which has always previously been examined by human
behavior research (Canetti, Bachar, and Berry, 2002).
Sentiment analysis helps individuals find information and
facilitates business decisions to increase the quality of a
product or service. The growing importance of sentiment
analysis correlates with the expansion of social media. Both
individuals and organizations use the contents of these
media for their decision-making (Liu, 2012).
Aim of the present study

This study aimed to identify the perception of organic food
using 1,325,435 interactions by 313,883 users on Instagram
worldwide. We also aimed to identify the most commonly
used hashtags on social networks related to the term “organic
food” using social network analysis, as well as the dominant
sentiments of Instagram users about organic food using
sentiment analysis. Finally, we aimed to compile a hashtag
interconnection network and extract dominant communities.

MATERIALS AND METHODS
To record communication on the Instagram network, a script
that indexes messages from users worldwide into a database
was used. The script records messages on Instagram that
include the “organic food” hashtag. The indexing took place
between July 4, 2016, and April 19, 2017. During this period,
the script detected 1,325,435 contributions by 313,883
unique users. Subsequently, so-called stopwords were taken
away by means of a stopword list (Balucha, 2011) to decrease
the data volume. The list contains stopwords in 29 languages.
Stopwords are are words which do not contain important
significance to be used. For example, the stopwords, such as
“the” and “of ”, are too general to convey useful semantic
information (Li et al., 2018). This reduction gave rise to a
dataset consisting of 1,874,324 unique words. Then, user
anonymization was carried out, replacing names with unique
IDs. Frequency values were assigned to individual keywords
and hashtags. This allowed for ordering of individual words
from the most to the least frequent, and identification of
the top 10 most frequent words and hashtags.
Sentiment analysis (based on adjectives) of areas related
to #organicfood used a Netlytic program module
920

(Gruzd, 2016) that uses the Gee Whiz Labs Inc. (2011)
list of adjectives. This analysis allows classification of
messages into one (or more) of the following categories:
(1) Appearance, (2) Condition, (3) Negative Feelings,
(4) Positive Feelings, (5) Shape, (6) Size, (7) Sound, (8)
Time, (9) Taste, (10) Touch, and (11) Quantity.
The vast number of the messages (i.e., 1,325,435) called
for a reduction of the dataset to enable the analysis of
communities and individual hashtag interconnections.
100,000 messages were chosen at random. Subsequently, a
filter removed all words from these messages starting with
anything other than a ‘hashtag #‘. This dataset was imported
into the Gephi 0.8.2 program through the Levalllois (2014)
module. Based on this filter, a network containing 47,531
hashtags and 964,131 connections between these hashtags
was identified. The following statistical methods were used
to analyze the formed network:
The Average Degree

The average degree of a graph is a measure of how many
edges there are in a set compared with the number of edges
in a set (Carrington, Scott, and Wasserman, 2005).
(K)=

2E
N

E: number of edges; N: number of nodes.
The Graph Density

The graph density was defined as the number of edges
divided by the number of possible edges (Scott, 2000).
D=

2( E − N + 1 )
N( N − 3 ) + 2

E: number of edges; N: number of nodes.
Modularity

Modularity was designed to measures the strength of the
division of a network within modules (also called groups,
clusters, or communities). Networks with high level of
modularity have dense connections among the nodes
(hashtags) within modules, but sparse connections among
nodes (hashtags) in different modules (Knoke and Yang,
2008). In addition, a component analysis was employed.
Component analysis represents the number of components
(number of hashtag groups) that are created on the basis
of the modularity detection algorithm method (Blondel
et al., 2008). Fundamentally, this is a method that shows
groups of hashtags that are closely related to each other, so
that individual groups of related hashtags can be identified
using this method.
Emir. J. Food Agric ● Vol 30 ● Issue 11 ● 2018
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∑in: sum of the weights of the link inside a community;
∑tot: sum of the weights of the edges incident to nodes in
a community; ki: sum of the weights of the edges incident
to node i; ki,in: sum of the weights of the links from i to
nodes in a community; m: sum of the weights of all the
edges in the networks.
Visual representation

For the definition of network crowds and their types (visual
polarization of individual hashtag groups), Force Atlas 2
was used as a graphical representation method (Smith et al.,
2014). For cluster analysis a sample of 1,325,435 messages
by 313,883 was inserted to Gephi 0.8.2, where was created
the hashtag interconnection network see (Fig. 1).

RESULTS AND DISCUSSION
Statistical analysis was carried out in the initial part of
the research. The analysis of the hashtag frequency of
1,325,435 posts allowed us to determine the 40 most
frequently used hashtags (Table 1).
The top 10 hashtags allowed us to determine the basic user
experience (Vaterlaus et al., 2015) in the area of organic
food as healthy, vegan, and clean food.
The two most frequently used hashtags, #organicfood
and #org anic, are followed by #healthyfood.
Variations of this hashtag and their occurrence in the

top 40 (e.g., #healthy (5th place), #healthyeating (16th),
#health (17th), #healthylifestyle (18th), #healthyliving
(21st), and #healthylife (40th)) emphasize the importance
of this hashtag. This leads to a conclusion that “healthy”
represents the most important characteristic of organic
food to consumers. This supports previous research that
investigated customer motivations to purchase organic
food. Primarily using questionnaire surveys and interviews,
this previous work identified the health aspect as the main
motivation for purchasing organic food (Yadav and Pathak,
2015; Bryla, 2016; Basha, 2016). Prada, Garrido, and
Rodrigues (2017) confirmed this consumer sentiment, and
claimed that organically produced foods were perceived as
more healthful. On the other hand, some studies (Garcia
and Teixeira, 2016; Olson, 2017) point out that no scientific
research have failed to confirm an unequivocal impact of
organic food on human health.
The #vegan hashtag was the 4th most frequent. Variations
of this occurred in the top 40 words, including #vegetarian
(12th), #veganfood (13th), and #veganfoodshare (29th).
Several studies have identified health-related reasons as
the main motivations for following a vegan diet (Dyett et
al., 2013; Izmirli and Phillips, 2011; Kerschke-Risch, 2015;
Radnitz, Beezhold, and DiMatteo, 2015; Rothgerber, 2013;
Timko, Hormes, and Chubski, 2012; Waldmann et al.,
2003). Because the most frequently shared experience
on Instagram in the area of organic food is “health”, it
obviously raises a lot of interest among consumers who
follow the vegan diet. Some hashtags featured in the top
10 have no specific relationship with organic food, such
as #instafood (7th) or #foodporn (8th). The “foodporn”
hashtag has been a topic of several studies (Mejova et al.,
2015; Hessel, Chenhao, and Lee, 2016; Mejova, Abbar,
and Haddai, 2016), where people use this hashtag to
create community about food and to gain social approval
of shared food through liking, commenting and sharing.
Sentiment analysis

Fig 1. Transformation of data from dataset to hashtag interconnection
network
Table 1: Top 40 hashtags in Instagram posts in the area of
organic food
1–10
11–20
21–30
31–40
organicfood
glutenfree
healthyliving
instagood
organic
cleaneating
fitness
nature
healthyfood
vegetarian
homemade
rawfood
vegan
veganfood
nutrition
vegetables
healthy
plantbased
delicious
natural
food
healthyeating
love
paleo
instafood
health
bio
lunch
foodporn
breakfast
realfood
veggies
foodie
healthylifestyle
veganfoodshare
foodstagram
eatclean
yummy
wholefood
healthylife
Emir. J. Food Agric ● Vol 30 ● Issue 11 ● 2018

Table 2 shows the results of the sentiment analysis. Hashtags
were divided into 11 categories, as follows: (1) Appearance,
(2) Condition, (3) Negative Feelings, (4) Positive Feelings, (5)
Shape, (6) Size, (7) Sound, (8) Time, (9) Taste, (10) Touch,
and (11) Quantity. The results demonstrated three dominant
areas (over 10% of the total), which users express (1)
Positive Feelings, (2) Taste, and (3) Appearance. Hence,
these areas are discussed in more detail (see Table 3).
The most dominant area is “Positive feelings”, which
accounted for 42.98% of the analyzed posts. A more
detailed analysis of the area demonstrated that a significant
proportion of “ Positive feelings” area, i.e., 40.97%,
comprised feelings expressing the idea of health (hashtags
#healthyfood, #healthy etc.). These results are in line with
921
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the findings with the findings that customers’ motivation
for buying organic food is more healthy (De Magistris and
Gracia, 2008; Haghiri, Hobbs, and McNamara, 2009; Lee
and Yun, 2015; Yadav and Pathak, 2015). Other feelings
that occurred in the “Positive feelings” area were “good”
with 13.04% and “great” with 12.3%.
The area of “Taste” contained three keywords that were
present more than 20% of the time, as follows: “delicious”
(26.83%), “yummy” (26.27%), and “fresh” (21.85%). The
first two words express a positive attitude towards the
taste of organic food. Thus, the degree of customers’
environmental concern seems to play a significant role in
the taste of organic food vs. conventional products. A study
in this area claimed that organic food tastes better (Yiridoe,
Bonti-Ankomah, and Martin, 2005; Hughner et al., 2007),
while Schuldt and Hannahan (2013) found that people with
a low level of environmental concern considered organic
food less tasty.
The third dominant category, “Appearance”, took up
13.58% of the analyzed posts. “Beautiful” represented
the most frequent word and occurred in 49.48% of
posts, followed by “clean” (8.87%) and “cute” (7.73%).
The connection found between “organic food” and
“beautiful” can be considered as untypical, since this
combination has been found neither in previous studies
focused on the perception and motivation of customers
to buy organic food, nor in research dealing with the
contents of organic food. On the contrary, previous work
Table 2: Basic categories of sentiment analysis
Basic categories
Basic categories
Percentage representation
Positive Feelings
42.98
Taste
22.73
Appearance
13.58
Touch
5.1
Size
4.46
Feelings (Bad)
2.97
Quality
2.47
Time
2.94
Shape
1.96
Sound
0.82

Table 3: Dominant areas of sentiment analysis
Positive Feelings
Taste
Appearance
Healthy
40.97 Delicious 26.83 Beautiful
49.48
Good
13.04 Yummy
26.27 Clean
8.87
Great
12.3 Fresh
21.85 Cute
7.73
Nice
10.47 Sweet
10.68 Gorgeous
5.72
Happy
7.39 Tasty
8.18 Other
28.2
Perfect
5.17 Other
6.19
Other (44 groups) 10.66
922

has found organic food to be frequently perceived as clean
(e.g., Jones, Hill, and Hiller, 2001; Barański et al., 2014).
Cluster analysis

For cluster analysis a sample of 1,325,435 messages by
313,883 was inserted to Gephi 0.8.2, where was created
the hashtag interconnection network. Table 4 outlines the
basic characteristics of the network.
This network contained 66,529 hashtags connected with
3.407.343 edges. This means that the average degree of a
hashtag amounts to 102.
Degree distribution corresponds with the long tail attribute
(Kordumova et al., 2016). There were only 10 hashtags with
a degree higher than 500. On the other hand, most hashtags
had a degree under 100, which is a strong indication of
the standard behavior in social networks regarding hashtag
usage (Kordumova et al., 2016). Degree distribution is
shown in Fig.2 and Table 5.
We recorded data from around the world, which means
that the number of recorded hashtags was generally

Fig 2. Degree distribution of interconnection network related to
#organicfood hashtag
Table 4: Statistical characterization of the hashtag
interconnection network
Characteristics
Values
Nodes
66,529 points (hashtags)
Edges
3,407,343 (connections between hashtags)
Average Degree
102.432 (on average, 1 hashtag is connected
to another 102 hashtags)
Graph Density
0.002
Modularity
0.303
Table 5: Degree distribution of interconnection network
related to #organicfood hashtag
Degree range
Number of nodes
Percentage
> 10,000
23
0.03%
9,999–101
10,452
15.71%
< 100
56,054
84.25%
Emir. J. Food Agric ● Vol 30 ● Issue 11 ● 2018
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high. Furthermore, the whole set of hastags contained
typos as well as local hashtags (e.g., geographical names
or companies). The community analysis required us to
remove hashtags with a degree below 826 (numbers of
top nodes = 1062) from the sample. This filter led to the
extraction of four dominant communities that explain
92.57% of all hashtags in the examined sample, see Table 6.
Visual representation of social networks is crucial to
understand the network data and convey the results of
the analysis. Figure 3 shows the distribution between each
crowd within the network. Visual representation allowed us
to confirm the modularity results, i.e., 0.303 (see Table 4),
which showed that communities are not highly isolated
from each other, see (Fig. 3).
The visual representation of #organicfood hastag
showed that the most interconnected communities
were Healthy living (A) and Healthy lifestyle (D).
Comparatively less overlap was seen between the VVR
diets (B) and Clean eating (C) communities, but there was
nonetheless a significant area of hashtag overlap. The
visual representation also demonstrated that the Vegetarian
community (B) stretched to related communities more than
others. The Vegetarian community overlapped with the
Healthy living (A), Clean eating (C), and Healthy lifestyle
(D) communities. In general, all communities overlapped

Fig 3. Visual representation of the component analysis.
Note: Blue: Healthy living community; Brown: VVR diet community;
Green: Clean eating community; Pink: Active healthy living community.

Table 6: Community characteristics
Name of community
Healthy living
VVR diets (vegetarian, vegan, and raw diets)
Clean eating
Active healthy living
Emir. J. Food Agric ● Vol 30 ● Issue 11 ● 2018

Category size
34.79%
24.27%
21.65%
11.86%

with others, which confirms the low value of modularity,
i.e., 0.303, and indicates that communities were not highly
polarized.
In relation to these results, it would be suitable to similarly
analyze the areas of hashtags #vegan, #vegetarian,
#cleaneating and attach a deeper analysis of individual
sub-segments of the identified communities.
Follow-up research could also segment and compare
individual regions and try to find differences in perception
of organic food by the consumers in the US and Europe
or in other localities. Approximately 11% of posts that
included #organicfood hashtags were published with a
geolocation which provides additional usable information
from social network analysis. This would allow us to
compare regional results.
Practical implications

Organic food is gaining in popularity both in the US
and in Europe. The present research has identified some
potentially important implications for organic food
producers and sellers. While the direct distribution of
farm goods to the consumer has been an organized human
behavior since medieval times, the academic community
has been slow to recognize this market’s commercial and
sociological importance today. However, the types of foods,
farms, and consumers have changed (Zhong et al., 2017),
and it is necessary to identify these trends and product
positioning in order to maintain the competitiveness of
products. Farm markets are very much a commercial
business today, and are not just local farmers with the
day’s crop meeting the locals at an agreed upon convenient
transaction destination (Oñederra-Aramend et al., 2018).
Social network analysis explored the most common
hashtags used on Instagram in relation to organic food,
which were found to be (1) healthy, (2) vegan, and (3) clean
food. There is high customer demand for the option to
purchase goods directly from producers, because they
prefer high-quality foods with this characteristic (vegan
organic food, etc.). This product characteristics is useful
for organic food producers, especially if they use direct
channels to sell organic food to customers, such as farmers’
markets, where organic food is one of the most desirable
products (Pilař et al., 2018).

Highlighted keywords from category
Organicfood, organic, healthyfood, healthy, healthyliving
vegetarian, veganfood, veganfoodshare, rawfood, vegetables
eatclean, glutenfree, cleaneating, realfood, wholefood
plantbased, freshfood, homemade, fitness, nature
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To succeed in selling produce through alternative chains,
such as farmers’ markets, or competing with multinational
corporations, farmers should respond to customer values
and communicate effectively with their consumers.
According to the present results, organic food should be
produced with vegetarian, vegan, and raw food diets or
gluten-free and whole food diets in mind (see Table 6). In
marketing communication, product packaging should focus
on communicating ‘health’ issues, such as active living;
this area was found to be important in 11% of the cohort
studied in the present work.

CONCLUSION
The analysis of communication related to organic food
on Instagram showed that users mostly linked their
organic food experience with “healthy”, “vegan”, and
“clean food” characteristics, as expressed by their choice
of hashtags. Sentiment analysis showed that posts were
mostly connected with Feelings, where the predominant
area was “healthy”; with Taste, where they mostly expressed
a “delicious” quality; and with Appearance, which mainly
dealt with the term “beautiful”. Social network analysis
revealed that Feelings represented the main content
of consumers. The community analysis extracted four
dominant communities, i.e., Healthy living, VVR, Clean
eating, and Active healthy living. These results support
the claim that content connected to organic food is
communicated by an active segment of a population who
actively try to improve their health. Such results may be
used by producers, processors, and vendors of organic
food on social networks for effective communication to
the potential customers.
The existence of a strong VVR community is a significant
finding. Previous research has never recorded the
connection between organic food and these terms such as
vegetarian, negan and raw. The results constitute a useful
tool for marketing communication in terms of product
positioning with an organic food label. The mentioned
communities are significant and strong. The community
analysis results revealed that the communities in the
organic food area were not polarized, were not polarized
which means that the individual values of the identified
communities are accepted among communities (for
example, the community connected to vegan food will
not negatively respond to the values that the community
associated with healthy living).
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